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ABSTRACT 

This work examined minimax linear estimation in multiple 
linear regression. The application of minimax estimation to 
regression led to the development of ridge regression estimators 
with stochastic ridge parameters. These estimators were seen 
to be invariant under linear transformation; a property which 
has not been established for other ridge estimators. These 
minimax-motivated estimators were examined in several simulation 
studies. In particular, flaws in other simulation studies of 
ridge estimators were depicted. Consequently, an improved 
simulation procedure was used. It was observed from these 
studies that, contrary to published statements, a ridge estimator 
can be considerably superior to the ordinary least squares 
estimator, especially when high pairwise correlations exist 
among the regression variables. Robustness considerations were 
used to suggest a requirement that a "good” generalized ridge 
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ABSTRACT 


This paper considers minimax linear estimation of the para- 
meters in a multiple linear regression model. Recent results 
are summarized, and some new results, including a transformation 
invariance property of minimax estimation, are given. These 
minimax estimators of the parameter vector can also be classified 
as ridge regression estimators with nonstochastic ridge para- 
meters. Some ridge regression estimators with stochastic ridge 
parameters can be motivated by minimax estimation considerations. 
These minimax-motivated estimators are examined in several 
simulation studies and some observations are made based on these 


simulations and minimax theory. 
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